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High Resolution Land Cover Image Classification and
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Abstract  This paper mainly discussed a high resolution land cover Image classification algorithm based on Fuzzy
ARTMAP Neural Network , experiment and it’s evaluation. We firstly introduced the fundamental theory of Fuzzy
ARTMAP Neural Network classifier. Followed 1s a land cover classification experiment on SPOT XS high
resolution image. Three algorithms were tested: the Maximum likelihvod Classification (MLC?Y, the Back
Propagation (BI) Neural Network, and the Fuzzy ARTMAP Neural Nerwork. Individual classification result was
presented. We compured these different classification results and evaluated their accuracy threugh manually
interpreting five hundred of randomly selected sample points. Our assessment shows that Fuzzy ARTMAP has a
comparably hetter result, with overall classification aceuracy higher 17.41%., 7. 323 than MLC and BP. We also
analyzed some misclassification between tillage and forest classes by dilferent classificarion methodologies and gave
some explanations. Finally. a superiority of the Fuzzy ARTMAP Neural Network classifier on high resolution land
cover classification is concluded.
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